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Study of Reconfiguration for the Distribution System
With Distributed Generators

Yuan-Kang Wu, Member, IEEE, Ching-Yin Lee, Le-Chang Liu, and Shao-Hong Tsai

Abstract—This paper proposes a reconfiguration methodology
based on an Ant Colony Algorithm (ACA) that aims at achieving
the minimum power loss and increment load balance factor of ra-
dial distribution networks with distributed generators. A 33-bus
distribution system and a Tai-Power 11.4-kV distribution system
were selected for optimizing the configuration and to demonstrate
the effectiveness of the proposed methodology for solving the op-
timal switching operation of distribution systems. The simulation
results have shown that lower system loss and better load balancing
will be attained at a distribution system with distributed generation
(DG) compared to a system without DG. Furthermore, the simula-
tion results also satisfy and suitability reference merits of the pro-
posal method.

Index Terms—Ant colony algorithm, ant system, distributed gen-
eration, distribution system, feeder reconfiguration.

I. INTRODUCTION

OST of electrical distribution systems operate in radial
M configuration; two types of switches are used in distri-
bution systems: sectionalizing-switches that remain normally
closed, and tie-switches that remain normally open. There are
several operational schemes in electrical distribution systems;
one of them is “distribution feeder reconfiguration”, which can
bring nearly minimization of real loss, improvement in voltage
profile, and relieving of overloads in the network. Moreover, dis-
tributed generation (DG) is playing an important role in elec-
trical systems. The accepted connection of high number of DG
units to electrical power systems may cause some problems in
power system operation and planning. The conventional power
distribution systems have radial networks with unidirectional
power flows. With the advent of DGs, however, power distribu-
tion systems would have locally looped networks with bidirec-
tional power flows. The problems of power system operations
and planning schemes will be arising due to the increase of dis-
tribution generation units to the distribution power systems.
Many recent researches on network reconfiguration have
focused on the minimum losses configuration problem. Various
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methods have been proposed to solve for the minimum loss
configuration in acceptable time, and each method has different
advantages and disadvantages. For example, the distribution
system reconfiguration for loss reduction was first proposed
by Merlin ef al. [1]. They employed a blend of optimization
techniques and heuristics to determine the minimal loss op-
eration configuration. Since then, many techniques have been
proposed: Baran and Wu’s method [2] on feeder reconfigura-
tions for loss reduction was based on branch exchange. This
approach starts with a feasible configuration of the network;
then one of the switches is closed and others are opened based
on heuristics and approximate formulas for change in losses.
Nahman et al. [3] presented another heuristic approach; but
this search technique also does not necessarily guarantee global
optimization.

A genetic algorithm (GA) is more likely to obtain the global
optimal solution than heuristic search methods and takes less
time than the exhaustive search [4]-[7]. The GA has the main
advantage of using representation of objects (strings) instead of
manipulating the objects themselves, but its main problem is the
coding of the objects into strings. B. Venkatesh et al. [8] pro-
posed a new optimal reconfiguration method for radial distribu-
tion systems. The proposed method is based upon a maximum
loadability index and uses fuzzy modeling methods to model
two objectives of loadability margin maximization and obtain
the best voltage profile. In [9], [10], simulated annealing (SA) is
particularly well suited for solving combinatorial optimization
problems. The SA has the ability of escaping local minima by
incorporating a probability function in accepted or rejected new
solutions. In [11], the artificial intelligent Petri nets were applied
to find the optimal switching operation for service restoration
and feeder loading balance for distribution systems. After the
fault location has been identified and isolated for a system fault
contingency, the Petri nets model with inference mechanism is
derived and applied to solve the optimal load transfer among
distribution feeders. In [12], the variable scaling hybrid differ-
ential evolution (VSHDE) for solving network reconfiguration
of distribution systems is a combination of genetic algorithm
and a power flow method based on the heuristic algorithm for
determining the minimum loss configuration of radial distribu-
tion networks.

Many optimization problems in powers systems are combina-
torial optimization ones. They are difficult to solve by traditional
linear or nonlinear programming methods. Therefore, the Ant
Colony Search (ACS) algorithm has been utilized in this paper
to try to find a near-optimum solution. The characteristics of the
ACS algorithm include positive feedback, distributed compu-
tation, and a constructive greedy heuristics. Positive feedback
makes sure of a rapid search for a global solution; distributed
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computation avoids premature convergence, and constructive
greedy heuristics help find acceptable solution as soon as pos-
sible. These properties are counterbalanced by the fact that, for
some applications, the ACS can outperform other heuristics.

The main advantage of this paper is to propose a novel feeder
reconfiguration technology based on the ACS algorithm with
DG. In general, the ACS algorithm is a useful evolutionary al-
gorithm with strong global search ability. Its positive feedback
would account for rapid discovery of good solutions in compar-
ison to GA algorithm. Therefore, the proposed method in this
paper can provide another useful algorithm for the feeder re-
configuration work.

II. PROBLEM FORMULATION

Feeder reconfiguration is a very important function of auto-
mated distribution systems to reduce distribution feeder losses,
load balancing and improve system security. Loads can be trans-
ferred from feeder to feeder by changing the open and close
states of the feeder switches. In this paper, network reconfig-
uration for loss minimization can be formulated as follows:

P2 2
min LPges = Z T %ZQZ
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where P; and @); are, respectively, the real and reactive line
powers flowing out of bus 7, n;, is the number of branch, r; and
V; is the resistance and voltage magnitude at bus ¢, respectively,
subject to the following.

(a) Voltage constraint: voltage magnitude of each branch
(feeders, laterals, switches) must lie within their permis-
sible ranges to maintain power quality.

(b) Current constraint: current magnitude of each branch
must lie within their permission ranges.

(c) Power source limit constraint: total loads of a certain par-
tial network can not exceed the capacity limit of the cor-
responding power source.

(d) Isolation constraint: all of nodes are energized.

(e) Radial network constraint: distribution networks should
be composed of radial structure operation.

In our research, a 33-bus test system and a practical distri-
bution network of Taiwan Power Company (TPC) have been
utilized as our test systems. The 33-bus test system has been
widely used as a typical circuit on the feeder reconfiguration re-
search work, and the proposed TPC network is a common repre-
sentative distribution circuit in Taiwan, which is also suitable as
our demonstration network. The details for these system topolo-
gies and parameters will be represented in Section V and the
Tables XI and XII, respectively.

For load balancing, we use a load balancing index in the
33-bus test system for the whole system as the sum of these
measures

np Sz 2 ng Pj,2 + QIQ
LBi =) <5max> => et 2)
=1 3 =1 g

where .S; is the complex power at the sending end of branch i;
S2X is used as a measure of how much the branch i is loaded.
The branch can be a transformer, a tie line with a sectionalizing

1679

switch, or simply a line section. The constraint of load balancing
is the same as (1).

In the TPC distribution network, the object of algorithm is
to make distribution network reach the load balancing after the
reconfiguration and to satisfy the load level of transformer and
feeder line. It may be computed as follows:

2
B(T) =Y FNr, x ( Iz, ) 3)
T;

IT,avg
Ir, \°
B(F)=Y" - 4)
Fj j.avg
nt
1
IT,cwg = E Z ITq- (5)
=1
nf
1
Ir, = — Ir. 6
Fjavg nf; F; (6)

where B(T) is the main transformer load balancing index;
B(F) is the feeder line load balancing index; F Nr; is the
feeder line number through main transformer 7T;; Ip; is the
total current of feeder line F;; nt is the total main transformer
number; n f is the total feeder line number; the entire optimiza-
tion model of load balancing is the combination of (3) and (4),
which is denoted as follows:

min OPT = Wy - B(T) + Wg - B(F) 7

where W and Wr is the load balancing weight of main trans-
former and feeder line, respectively. The objective function can
take different importance of overload balancing weights into ac-
count, and the constraint of (7) is the same as (1).

III. ANT COLONY SEARCH

The ACS is based on the behavior of the ants while searching
for food. Each ant leaves a pheromone trail on the path from
nest to food. The pheromone evaporates with time, so that
the other ants can reach the food by following the “shortest”
paths marked with strong pheromone quantities [13]-[16].
Some ACS applications recently proposed in the distribution
system area concern feeder restoration and optimum switch
adjustments for distribution system planning. In Fig. 1(a), ants
are moving in a straight line that connects a food source and
their home colony. Once an obstacle appears in the straight
line as shown in Fig. 1(b), the environment will change and
the ants that are just in the front cannot continue following the
pheromone trail. Therefore those ants will choose the paths
randomly, which means that the ants will choose the path to
point C or D with the same probability. Later on, those ants that
choose the shorter path around the obstacle will move faster
than the ants that choose the longer path. The pheromones on
the shorter path will be reconstructed more rapidly and this will
cause more ants to choose the shorter path. After all, all ants
will choose the same path due to the positive feedback. The
full procedures of the ACS algorithm can be summarized as
follows.

Step 1) Each ant is placed on a starting state. Then ant will
build a full path, from the beginning to the end state,
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Iteration N=0

Choose the parameters for ACS. Solve feeder flow
for the system, compute its fitness to determine the
initial power loss.

v
Dispatch each ant according to the probability of
—» each edge as shown in(8)and(9), and update location

Fig. 3. 33-bus distribution system.

—| Iteration N=N+1 | ( El:d )

Fig. 2. Computation procedure of the proposed ACS method.

through the repetitive application of state transition
rule as follows:

[7i5]% [n:5]°

list. TABLE I
£7 INSTALLATION NODE AND CAPACITY OF DG
Calculate the fitness shown in(1),(2) and (7) for each .
location Ii(st.) @ ™ Node # Capacity (kW/p.f.)
v 3 50/0.8
6 100/0.9
Update pheromone using local/global update rule 2 200/0.9
(10) and (11). :
29 100/1

large amount of pheromone. The parameter gy deter-
mines the relative importance of exploitation versus
exploration. Every time an ant in city ¢ has to choose
acity j to move to, which samples a random number
0 < qo < 1.1f ¢ < qo, then the best edge [according
to (9)] is chosen (exploitation).

Step 2) While constructing its tour, an ant also modifies the

amount of pheromone on the visited path by ap-
plying the local updating rule

i£ie T
Pk S e 1€ () ®)
) we Jy (i)
0, otherwise Tij = (1 —p) - 735 (10)
. ) e . 18 ifa <
argma. u (2 U U b 1 — o . . .
J= { 8 MAXue (i) é,[T I [} } otzerw(i]s e where p is a heuristically defined parameter. The

where 7 is the pheromone which deposited on the
edge between node ¢ and j; n is the inverse of the
edge distance; J(4) is the set of nodes that remain
to be visited by ant k positioned on node i; o and
[ are parameters that control the relative impor-
tance of trail versus visibility; ¢ is a random number
uniformly distributed in [O...1]; go is a parameter
(0 < go < 1), and S is a random variable se-
lected according to the probability distribution given
in (8). The state transition rule resulting from (9)
and (8) is called pseudorandom-proportional rule.
The state transition rule (9) favors transitions to-
wards nodes connected by short edges and with a

local updating rule is intended to shuffle the search
process. Therefore, the desirability of paths can be
dynamically changed. The nodes visited earlier by a
certain ant can be also explored later by other ants.
The search space can be therefore extended. Fur-
thermore, ants will make a better use of pheromone
information. Without local updating rules, all ants
would search in a narrow neighborhood of the best
previous tour.

Step 3) Once all ants have terminated their tour, the amount

of pheromone on the edge is modified again through
the global updating rule. In other words, the
pheromone updating rules, shown as follows in
(11) and (12), are designed so that they tend to give
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TABLE II
33-BUs SYSTEM WITHOUT DG
. P loss Reduction
Open Switch (kW) %)
Initial $33,534,835,536,s37 199.3 -
GA $7,59,514,528,s32 137 31.259
AS $6,59,514,526,s31 153.18 30.108
ACS $7,89,514,528,s32 137 31.259
TABLE III
33-BUs SYSTEM WITH DG
. P loss Reduction
Open Switch (kW) )
Initial $33,534,535,836,537 164 17.711
GA $7,59,514,528,532 112 43.803
AS $6,59,514,526,531 129.5 35.022
ACS $6,510,514,517,528 110.26 44.626

TABLE 1V
LOAD BALANCING INDEX WITHOUT DG
. Balancing | Reduction
Open Switch index (%)
Initial | s33,s34,$35,s36,537,s38 148.1634 -
AS $6,s11,831,534,537 111.0251 25.065
ACS $7,510,514,528,532 105.8324 28.57
TABLE V
LOAD BALANCING INDEX WITH DG
. Balancing | Reduction
Open Switch index %)
Initial | $33,s34,535,536,s37,538 118.9525 -
AS $6,59,512,528,831 89.9104 24.4148
ACS s7,511,514,528,532 83.8635 29.4938

more pheromone to paths that should be visited by

ants:
Tij=1—0) -1j+0-Ar; 11
Aryj = Lgsw if rout{z(aj) is global best path (12)
0, otherwise

where o is the pheromone decay parameter and
Ar;; is the distance of the globally best tour from
the beginning of the trial. This rule is intended
to make the search more directed; therefore, the
capability of finding the optimal solution can be
enhanced through this rule in the problem solving
process.

IV. COMPUTATIONAL PROCEDURE OF THE PROPOSED METHOD

The solution process begins by closing all the switches in the
distribution system, sectionalizing as well as tie, and therefore
the system is divided into a number of loops. The network re-
configuration problem is identical to the problem of selecting
an appropriate tie switch for each loop to make the loop radial.
The total number of tie switches is kept constant, regardless of
any change in the systems topology or the tie switch positions.
Different switches from a loop are selected for cutting the loop
circuit; after each loop is made radial, a configuration is pro-
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@ Circuit breaker
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| Tie switch

|

Fig. 4. Typical Taiwan Power Company distribution system topology.

TABLE VI
INSTALLATION NODE AND CAPACITY OF DG

Bus (W)
7 250/0.8
12 450/0.9
19 500/0.8
28 400/0.9
34 500/0.85
71 500/1
75 400/0.85
79 400/0.9

posed. The flowchart of the proposed ACS method applied to
the feeder reconfiguration work is shown in Fig. 2.

V. TEST CASE

Example 1: The first example is a 33-bus distribution system,
as shown in Fig. 3. Table I shows the DG installation nodes with
associated capacity for the 33-bus test system. The system con-
sists of one source transformer, 32 bus-bars, and 5 tie switches.
The total active and reactive power for the whole system loads
are 5048.26 kW and 2547.32 kVAR, respectively. In Fig. 3, The
number in circle and number with ‘s’ indicate the node and the
line switch, respectively. In addition, the dashed line s33, s34,
835, s36, and s37 signify the original normal open tie switches.
For comparison with [4], four cases are considered in our study;
i.e., the initial network without DG/with DG and the optimum
network without DG/with DG. The proposed method has been
implemented by using MATLAB programs and run on a Pen-
tium IV-3.4 GHz personal computer.

Tables II and III show the comparison with [4]. The Ant
Search (AS) and ACS algorithms were utilized respectively to
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TABLE VII
Lo0ss MINIMIZATION WITHOUT DG
. P loss Reduction
Switch Open
P (kW) (%)
$84,585,586,587,s88
Initial ,$89,590,591,592, 531.99 -
$93,594,595,596
$7,833,s55,s61
GA s72, 583, s86, 471.5095 11.369
$88,589,590,592,593,595
s7,s13,533,s39,s54,
AS s61,571,586,589, 519.2076 2.403
$90,591,592,595
s7,s13,s34,s39,s41,
ACS §55,562,572,583, 471.0776 11.449
$86,589,590,592
TABLE VIII
L0Sss MINIMIZATION WITH DG
Switch Open P loss (kW) | Reduction (%)
. $84,585,586,587,588.589,590.591,592,
Initial $93.504.595.596 425.1312 -
$7, 833, 855, 861, s72, s83, s86, s88,
GA 589, §90, 592, $93, s95 384.6308 9.527
. 56,513,534,555,561.572,586,589.590,8 <
AS 91.$92.593.595 414.3321 2.540
§7,513,534,539,541,
ACS $55,562,872,583, 383.5245 9.787
$86,589,590,592
TABLE IX
TPC SYSTEM WITHOUT DG
Mai Weight Load current after switch operation (A)
am -
Tr. Feeder ™ pitial WT=1 WT=0.75 WT=0.25 WT=0
current WF=0 WF=0.25 WF=0.75 WF=1
985 837 866 888 938 913
Fl 194 66 120 130 156 156
2 160 113 112 124 124 124
Tl F3 213 238 213 213 238 213
F4 134 151 151 139 151 151
] 218 130 141 141 130 118
F6 66 139 129 141 139 151
706 851 827 806 755 780
F7 157 139 156 146 136 136
™ 8 87 146 162 162 146 146
F9 159 221 159 148 148 148
F10 92 159 139 139 139 139
F11 211 139 211 211 186 211
Balancing index 10.98 11.13 11.25 11.31 11.37
56,513,533, 57.513.34, $7.513,533,
Switch operation §72:86.589, | 2
$90.591.592, $89.572.590. 590,589,572,
596 592 596 592 586

compare the performance with the GA algorithm. In compar-
ison with the AS algorithm, the ACS algorithm modifies its state
transition and global updating rules. In addition, the local up-
dating rule is applied into the ACS algorithm. The details about
the difference between the AS and ACS can be referred to [13]
and [14].

From the result of our case study, it can be seen from the
33-bus test system that DG has the effects of loss reduction
improvement over feeders in this particular case, and the topo-
logical structures of optimum network without DG are different
from those with DG. Based on the 33-bus system with DG, the
proposed ACS method in this paper has lower loss reduction
than the method proposed in [4].
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TABLE X
TPC SysTEM WITH DG
Weight Load current afier switch operation (A)
Main N
e Feeder
. Initial WT=1 WT=0.75 WT=0.5 WT=0.25 WT=0
current WF=0 WF=0.25 WF=0.5 WF=0.75 WF=1
866 750 769 749 768
F1 180 107 116 107 116
F2 135 87 99 87 99
Tl F3 181 182 181 182 181
F4 11 117 130 114 136
F5 193 141 118 130 118
F6 66 116 125 129 118
643 764 752 764 743
F7 157 191 173 191 164
T F8 87 146 129 146
F9 140 128 139 128
F10 70 17 117 17
F11 189 188 188 188
Balancing index 11.13 11.34
57,513,832,
538,542,554,
Switch operation $54.564.591. 564,572,586, .
§90.589.572, 589,590,591, 590,589,572,
586 $92 s95 s86
TABLE XI

SYSTEM DATA AND PARAMETERS FOR A
33-BUS DISTRIBUTION NETWORK

Line no. Node i Node j Resistance Reactance Receiving node
R (Q) X(Q) P (MW) Q (MVAr)
1 1 2 0.0922 0.0470 100.0 60.0
2 2 3 0.4930 0.2512 90.0 40.0
3 3 4 0.3661 0.1864 120.0 80.0
4 4 5 0.3811 0.1941 60.0 30.0
5 S 6 0.8190 0.7070 60.0 20.0
6 6 7 0.1872 0.6188 200.0 100.0
7 8 0.7115 0.2351 200.0 100.0
8 8 9 1.0299 0.7400 60.0 20.0
9 9 10 1.0440 0.7400 60.0 20.0
10 10 11 0.1967 0.0651 45.0 30.0
11 11 12 0.3744 0.1298 60.0 350
12 12 13 1.4680 1.1549 60.0 35.0
13 13 14 0.5416 0.7129 120.0 80.0
14 14 15 0.5909 0.5260 60.0 10.0
15 15 16 0.7462 0.5449 60.0 20.0
16 16 17 1.2889 1.7210 60.0 20.0
17 17 18 0.7320 0.5739 90.0 40.0
18 2 19 0.1640 0.1565 90.0 40.0
19 19 20 1.5042 1.3555 90.0 40.0
20 20 21 0.4095 0.4784 90.0 40.0
21 21 22 0.7089 0.9373 90.0 40.0
22 3 23 0.4512 0.3084 90.0 50.0
23 23 24 0.8980 0.7091 420.0 200.0
24 24 25 0.8959 0.7071 420.0 200.0
25 6 26 0.2031 0.1034 60.0 25.0
26 26 27 0.2842 0.1447 60.0 25.0
27 27 28 1.0589 0.9338 60.0 20.0
28 28 29 0.8043 0.7006 120.0 70.0
29 29 30 0.5074 0.2585 200.0 100.0
30 30 31 0.9745 0.9629 150.0 70.0
31 31 32 0.3105 0.3619 210.0 100.0
32 32 33 0.3411 0.5302 60.0 40.0
34 8 21 2.0000 2.0000
36 9 15 2.0000 2.0000
35 12 22 2.0000 2.0000
37 18 33 0.5000 0.5000
33 25 29 0.5000 0.5000

Table IV and Table V show the results of load balancing index
with and without DG, respectively, using (2) in the 33-bus test
system. From the results of our case study, it can be seen from
the 33-bus test system that DG has the effects of improving load
balancing index over feeders in this particular case, and the topo-
logical structures of optimum network without DG are different
from those with DG.

Example 2: The second example is a practical distribution
network of Taiwan Power Company (TPC). Its conductors
mainly consist of both overhead lines ACSR 477 KCM and
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TABLE XII
SYSTEM DATA AND PARAMETERS FOR A
TyPICAL TPC DISTRIBUTION NETWORK

Section bus to bus  Section resistance (2)  Section reactance (Q2)  End bus real load (kW)  End bus reactive load (kVAR)

Bl- 1 0.1944 0.6624 0 0
-2 0.2096 0.4304 100 50
2-3 0.2358 0.4842 300 200
3-4 0.0917 0.1883 350 250
4-5 0.2096 0.4304 220 100
5-6 0.0393 0.0807 1100 800
6= 7 0.0405 0.1380 400 320
7- 8 0.1048 0.2152 300 200
7-9 0.2358 0.4842 300 230
7- 10 0.1048 0.2152 300 260
B2- 11 0.0786 0.1614 0 0
1= 12 0.3406 0.6944 1200 800
12- 13 0.0262 0.0538 800 600
12- 14 0.0786 0.1614 700 500
B3- 15 0.1134 0.3864 0 0
15- 16 0.0524 0.1076 300 150
16— 17 0.0524 0.1076 500 350
17- 18 0.1572 0.3228 700 400
18- 19 0.0393 0.0807 1200 1000
19- 20 0.1703 0.3497 300 300
20- 21 0.2358 0.4842 400 350
21- 22 0.1572 0.3228 50 20
21- 23 0.1965 0.4035 50 20
23-24 0.1310 0.2690 50 10
B4- 25 0.0567 0.1932 50 30
25- 26 0.1048 0.2152 100 60
26~ 27 0.2489 0.5111 100 70
27- 28 0.0486 0.1656 1800 1300
28- 29 0.1310 0.2690 200 120
B5- 30 0.1965 0.3960 0 0
30- 31 0.1310 0.2690 1800 1600
31- 32 0.1310 0.2690 200 150
32-33 0.0262 0.0538 200 100

underground lines with copper conductors 500 KCM. The
three-phase 11.4-kV system is shown in Fig. 4, which consists
of two transformers, 11 feeders, 83 normally closed section-
alizing switches, and 13 normally open tie switches. In our
analysis, three-phase balancing and constant load are assumed.
Table VI shows the DG installation nodes with associated
capacity for this TPC distribution system. Some of these dis-
tributed generators were located on the feeder ends in order to
compensate the voltage drop.

In example 2, the results for loss minimization without and
with DG are shown in Table VII and Table VIII, respectively.

From the results based on the TPC system simulation, it can
be seen that the DG has the effects of improving loss reduction
over feeders, and the topological structures of optimum network
without DG are different from those with DG.

In order to compare the ACS and GA techniques in a dif-
ferent case, the authors have applied the GA algorithm to search
the loss-minimization network for the TPC 11.4-kV distribu-
tion system. The simulation results by using the GA algorithm
have been also concluded in Table VII and Table VIII. Based
on our simulation results, the difference on the loss reduction
between the GA and ACS methods is very small. It is reason-
able because the feeder reconfiguration is not an infinite optimal
search problem. Therefore, the GA and ACS methods could ob-
tain a nearly optimal solution as long as the iteration number is
large enough. However, based on our research experience, the
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TABLE XII (Continued)
SYSTEM DATA AND PARAMETERS FOR A
TyPICAL TPC DISTRIBUTION NETWORK

Section bus to bus  Section resistance (€2)  Section reactance (€2)  End bus real load (kW)  End bus reactive load (kVAR)

33-34 0.1703 0.3497 800 600
34- 35 0.0524 0.1076 100 60
35- 36 0.4978 1.0222 100 60
36— 37 0.0393 0.0807 20 10
37- 38 0.0393 0.0807 20 10
38- 39 0.0786 0.1614 20 10
39- 40 0.2096 0.4304 20 10
38- 41 0.1965 0.4035 200 160
41- 42 0.2096 0.4304 50 30
B6— 43 0.0486 0.1656 0 0
43- 44 0.0393 0.0807 30 20
44— 45 0.1310 0.2690 800 700
45- 46 0.2358 0.4842 200 150
B7- 47 0.2430 0.8280 0 0
47- 48 0.0655 0.1345 0 0
48- 49 0.0655 0.1345 0 0
49- 50 0.0393 0.0807 200 160
50- 51 0.0786 0.1614 800 600
51- 52 0.0393 0.0807 500 300
52- 53 0.0786 0.1614 500 350
53— 54 0.0524 0.1076 500 300
54- 55 0.1310 0.2690 200 80
B8- 56 0.2268 0.7728 0 0
56— 57 0.5371 1.1029 30 20
57- 58 0.0524 0.1076 600 420
58- 59 0.0405 0.1380 0 0
59- 60 0.0393 0.0807 20 10
60— 61 0.0262 0.0538 20 10
61— 62 0.1048 0.2152 200 130
62— 63 0.2358 0.4842 300 240
63— 64 0.0243 0.0828 300 200
B9- 65 0.0486 0.1656 0 0
65— 66 0.1703 0.3497 50 30
66— 67 0.1215 04140 0 0

ACS method would be more suitable to the feeder reconfigu-
ration work because it can avoid a number of incorrect feeder
configuration candidates caused by the GA’s random crossover
and mutation operations, which would improve the performance
on calculation speed.

Based on the TPC system without and with DG, The load bal-
ancing index using five different types of weights are calculated
and shown in Table IX and Table X, respectively. Comparing
with Table IX and Table X, through five different weights, the
TPC system with and without DG can decrease the current of
main transformer and avoid the overload and load difference
among the feeders.

VI. CONCLUSION

In this paper, the ACS algorithm has been proposed to reduce
distribution system losses. The effectiveness of ACS has been
demonstrated by a 33-bus test system and a TPC distribution
system respectively. The merits of the ACS are parallel search
and optimization capabilities, and this method was inspired by
observation of the behaviors of ant colonies. The ACS applies
the state transition rule repetitively to favor transitions toward
nodes connected by shorter edges. Then it applies the local up-
dating rule to shuffle the search process to extend the search
space. Finally, it applies the global updating rule to make the
search more directed and to enhance the capability of finding
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TABLE XII (Continued)
SYSTEM DATA AND PARAMETERS FOR A
TyPICAL TPC DISTRIBUTION NETWORK

Section bus to bus ~ Section resistance (€2)  Section reactance ()  End bus real load (kW)  End bus reactive load (kVAR)
67— 68 0.2187 0.7452 400 360
68— 69 0.0486 0.1656 0 0
69— 70 0.0729 0.2484 0 0
70~ 71 0.0567 0.1932 2000 1500
71- 72 0.0262 0.0528 200 150
B10- 73 0.3240 1.1040 0 0
73- 74 0.0324 0.1104 0 0
74- 75 0.0567 0.1932 1200 950
75- 76 0.0486 0.1656 300 180
BIl- 77 0.2511 0.8556 0 0
77- 78 0.1296 0.4416 400 360
78- 79 0.0486 0.1656 2000 1300
79- 80 0.1310 0.2640 200 140
80— 81 0.1310 0.2640 500 360
81- 82 0.0917 0.1883 100 30
82- 83 03144 0.6456 400 360
5- 55 0.1310 0.2690 - -
7- 60 0.1310 0.2690 - -
11- 43 0.1310 0.2690 - -
12-72 0.3406 0.6994 - -
13- 76 0.4585 0.9415 - -
14- 18 0.5371 1.0824 - -
16— 26 0.0917 0.1883 - -
20- 83 0.0786 0.1614 - -
28- 32 0.0524 0.1076 - -
29- 39 0.0786 0.1614 - -
34- 46 0.0262 0.0538 - -
40- 42 0.1965 0.4035 - -
53— 64 0.0393 0.0807 - -

the optimal solution in the problem solving process. The three
rules make the ACS become an extremely powerful method for
optimization problems. From the results of this paper, it can be
seen that DG has the improvement effects on loss reduction and
can increase the system balancing index. The computational re-
sults of the 33-bus system show that the ACS method is better
than the GA one. It can be observed that a 44.626% of average
loss reduction can be achieved by the ACS comparing with a
43.803% by the GA when distributed generators are installed
in the system; the results are shown in Table III. For a large
scale system like a TPC distribution system, through five dif-
ferent weights, it can decrease the current of main transformer
and avoid the overload and load difference among the feeders
no matter whether the system is with or without DG; the results
have been shown in Table IX and Table X. The case study in
this paper shows that the ACS method is suitable in distribution
network reconfiguration.
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